	Parameter
	Supervised Learning
	Unsupervised Learning

	Training Data

﻿
	Supervised learning requires labeled training data, where each input instance is associated with a corresponding target output or label.
	Unsupervised learning operates on unlabeled training data, where input instances are provided without any corresponding target output or labels.
﻿

	Goal


﻿
	The goal of supervised learning is to learn a mapping function that can predict the correct output for new, unseen input instances.
	The goal of unsupervised learning is to discover patterns, structures, or relationships within the data, without any prior knowledge of the desired output.
﻿

	Feedback



﻿
	During training, the algorithm receives feedback in the form of the correct labels, allowing it to adjust its parameters to minimize the prediction error.
	Unsupervised learning algorithms do not receive explicit feedback during training since there are no labels available.

﻿

	Evaluation



﻿
	Supervised learning models are typically evaluated based on their prediction accuracy or other metrics that compare the predicted labels with the ground truth labels.
	Evaluating unsupervised learning models can be more subjective and challenging since there are no ground truth labels to compare against. Evaluation often relies on qualitative assessments, visualization, or downstream tasks that benefit from the learned representations.

	Examples


﻿
	Classification (predicting discrete labels) and regression (predicting continuous values) are common tasks in supervised learning.
	Clustering, dimensionality reduction, and anomaly detection are common tasks in unsupervised learning.



Differences between Supervised Learning and Unsupervised Learning
